
Machine	Learning
Linear	Regression
1.	Some	equations

2.	Model

input:

hypothesis:

cost	function:

derivative:

solution:
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3.	Locally	weighted	linear	regression

weights:

cost	function:

derivative:

solution:

4.	Ridge	regression

cost	function:

derivative:

solution:
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J(θ) = 0∇θ ⟹ ( X + λI)θ = yXT XT

⟹ θ = ( X + λI yXT )−1XT


